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Tobias Kamelski 

Theoretical and Practical Considerations Concern-
ing the Use of Larger Qualitative Samples for the 
Documentary Interpretation of Pictures 

Computer-Assisted Image Assessment and the Iconic 

Operationalization of Tinder Profiles 

1 Introduction 

As the empirical branch of the praxeological sociology of knowledge, the doc-
umentary method (Bohnsack, 1999; Mannheim, 1982) aims to explicate the 
implicit and conjunctive knowledge that constitutes milieu-specific construc-
tions of reality. The goal of this method is to identify and further explicate the 
dominant habitus within social spaces, as well as to understand the researched 
milieus themselves. The documentary picture interpretation (Bohnsack, 2008, 
2011, 2020a) is a comparatively new branch of empirical research within the 
praxeological sociology of knowledge that combines the documentary method 
by Ralf Bohnsack (1999) and Karl Mannheim (1964, 1982), the iconological 
approach by Erwin Panofsky (1979), and the iconic by Max Imdahl (1996). It 
aims to explicate the theoretical and practice-guiding knowledge of social ac-
tors through the pictures they produce and authenticate. The present essay fo-
cuses chiefly on the documentary interpretation of pictures produced as arte-
facts of everyday life1 as the central object of empirical research. 

Although the documentary method is practically more concerned with the 
interpretation of a selected few cases, it is also designed to enable the general-
ization of its results for the investigated conjunctive spheres of experience 

1  Artefacts of everyday life are used as antonyms of products that are originally created 

for research purposes (see also Bohnsack, 2011, p. 118). 
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(Bohnsack, 2007, 2011, pp. 21–23; Bohnsack et al., 2019). While every con-
ceivable subject of interpretation will inevitably belong to various conjunctive 
spaces of experience (e.g., social class, age, gender, etc.) they fundamentally 
constitute singularities that do not allow generalizations by themselves. This 
problem concerning generalizability is partially accounted for by the method-
ological design of the documentary method itself. In a reverse approach, the 
documentary method attains certain levels of generalizability through the sys-
tematic utilization of empirical horizons of comparison (Bohnsack, 2018, p. 
56) and the following generation of types. As such, the documentary method
bases its generalizations on abstractions of its interpretations (Bohnsack et al.,
2019, p. 21 ff.). While this type of generalization aims for conceptual rather
than statistical representativity (Corbin & Strauss, 1990, p. 94; Wohlrab-Sahr
& Przyborski, 2018, p. 94), the quality of the generalization still depends on
the number of cases (Przyborski & Wohlrab-Sahr, 2014a, p. 282) and induces
the need for a sufficient sample size.

This paper argues that an overly limited sample size that relies exclusively 
on purposive and theoretical case-by-case sampling (see also Wohlrab-Sahr & 
Przyborski, 2018, pp. 95–96) inhibits the true potential of the documentary 
method to conduct research on social spheres and to generate satisfactory gen-
eralizations. An exclusively continuous sampling throughout and for the com-
parative analysis (cf. Bohnsack, 2011, p. 21) locks the investigated cases into 
empirical proximities dictated by the function of a case to validate the inter-
pretation of its predecessor. This will ultimately lead to restrictions concerning 
the potential scope of the findings and the validity of their subsequent gener-
alizations. Therefore, investigating entire conjunctive spaces and their habitus 
requires broader perspectives in the form of larger qualitative samples that cir-
cumvent the aforementioned empirical proximities. Larger samples remain un-
common in both qualitative and reconstructive social research alike, as both 
traditionally aim for a thorough, in-depth understanding of the investigated 
constructions of reality. Given the resource-demanding nature of qualitative 
approaches, this means that larger samples represent a research-practical chal-
lenge. Limited sample sizes incentivize the assessment of case-specific habitus 
and their subsequent differentiation from other singular cases. By itself, this 
does not allow the sufficient assessment of conjunctive spheres, nor does it 
provide the necessary empirical material to abstract the identified types to a 
satisfying degree. There is untapped potential concerning the systematic utili-
zation of larger qualitative samples to further support the generalizability of 
the findings, as well as to guide the case selection of the to-be-interpreted 
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material and thus the methodical control of the situational determination (Ber-
ger & Luckmann, 1967, p. 7) of the researcher.2 

The goal of the present paper is to elaborate on the research-practical need 
for and benefit of larger qualitative samples for the documentary interpretation 
of pictures, while also proposing a practical approach to the utilization of such 
samples. In so doing, this paper introduces the computer-assisted image as-
sessment, an experimental workflow that is actively developed as a solution 
for the research-practical needs of the project entitled The Presentation of At-
traction in Online Dating: A Documentary Interpretation of Tinder Profiles in 
Germany, South Korea, and Hong Kong. Chapter 2 continues the theoretical 
elaboration of the introduction by discussing the requirements concerning the 
samples for documentary research. In so doing, it also provides further argu-
ments for larger qualitative samples for the documentary interpretation of pic-
tures. Chapter 3 introduces the aforementioned research project and the role of 
Tinder profiles in their particularity as the empirical research object in the prac-
tical context that necessitates the development of the herein-presented ap-
proach. Finally, Chapter 4 presents the computer-assisted image assessment to 
illustrate the practical handling of larger qualitative samples prior to and in 
preparation for the documentary interpretation of pictures. 

2 Larger Qualitative Samples for the Documentary Inter-
pretation of Pictures  

2.1  Reasons to Employ Larger Qualitative Samples 

The documentary method traditionally aims to facilitate an in-depth under-
standing of the investigated habitus and the associated construction of social 
reality. It goes beyond the traditional scope of qualitative methodologies and 
aims to facilitate generalizations concerning the investigated conjunctive 
spaces of experience (Bohnsack, 2011, pp. 21–23; Bohnsack & Nentwig-Gese-
mann, 2018). The documentary method implements this generalization (that is, 
praxeological typification) of its interpretations through abstraction and the 
subsequent identification of meaning-genetic, as well as socio-genetic 
(Bohnsack, 2007; Bohnsack et al., 2019) or relational types (Nohl, 2012). Dis-
cussing the goal of the documentary method to generalize its findings necessi-
tates a closer examination of the sample as the empirical inception point of 
every research design. 

2  Also referred to as the social connectedness of knowledge and thinking (Bohnsack, 

2020b, p. 416). 
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According to Przyborski and Wohlrab-Sahr (2018, pp. 95–96), the sampling 
for the documentary method needs to be conducted as systematic, theory-
driven data collection (that is, theoretical sampling). Theoretical sampling sup-
ports the documentary method in two major ways. First, it frames the empirical 
material within the context of the research question and subsequentially sup-
ports the theoretical framing of the orientation problem (see also Glaser & 
Strauss, 1998, para. 53). Second, an ongoing theoretical sampling for the sake 
of constant comparison in the spirit of the grounded theory (Glaser & Stauss, 
1967) and abductive reasoning (Peirce, 1991) provides the necessary empirical 
horizons of comparison for the validation and methodical control of the iden-
tified types (Bohnsack, 2008, paras. 62–63; Bohnsack et al., 2019, p. 31). The-
oretical sampling is essential for the research of social milieus and social phe-
nomena within the latter, as the documentary method requires a theoretical 
framing of the functional context that connects the to-be-sampled cases. The 
functional context refers to the unifying purpose of all sampled pictures. Pic-
tures, like all other artefacts of everyday life, constitute interpretively open and 
thus highly polysemic condensations of knowledge (Bohnsack, 2011, pp. 45–
46; Przyborski & Wohlrab-Sahr, 2014b, pp. 329–330) that need to be framed 
through their functional context3 (for example, their usage as a communicative 
gesture in social interaction). It is recommended to approach the sampling via 
the functional context when researching pictures as artefacts of everyday life 
and therefore as social acts in their production and their usage. The theoretical 
sampling ensures that contrasting cases that are relevant to the research ques-
tion are provided. However, as the fundamental acquisition of the to-be inter-
preted data, the theoretical sampling must primarily focus on providing cases 
that are contrasting in their social origin but not (yet) in their performative dif-
ferentiation. The latter will happen through the case selection for the compar-
ative analysis and, therefore, after the sampling.4 The next consideration is 
how many cases to sample. Case studies constitute a common approach in pre-
vious applications of the documentary method. These designs start with one 
central case and extend its sample systematically by adding additional cases as 
empirical horizons of comparison. Such case-centred research designs conduct 
their sampling continuously and on-demand, whereby the additional cases 
serve as contrasts to empirically validate the central case of interpretation. As 
such, ongoing sampling is an integral part of the comparative analysis and the 
documentary method. 

3  Functional context denotes a theoretically conceived orientation problem for the empir-

ical material that is to be interpreted. 
4  Sampling refers strictly to the overall data collection; case selection denotes the identi-

fication of particular cases for interpretation and comparison. 
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Theoretical samples that provide empirical verifications of mind-experimental 
horizons of comparisons (Bohnsack & Nentwig-Gesemann, 2018, p. 238) on 
an on-demand basis are inherently biased towards case-centred research, as the 
sampling inevitably revolves around an initial case that needs to be compared. 
Consequently, an ongoing theoretical sampling throughout and limited to the 
comparative analysis is suitable for research that aims to explicate how a par-
ticular case fits into the social (that is, to interpret a particular case relative to 
other cases) but is less suitable in researching the social from a broader per-
spective (that is, to develop generalizations for conjunctive spaces that relate 
cases). The aforementioned type of sampling ends when the respective inter-
pretations have been satisfactorily validated through the comparisons with pos-
itive and negative horizons of comparisons. This means that the extent to which 
additional material is sampled remains within the functional proximity of the 
to-be-interpreted cases that prompt the inclusion of additional cases in the first 
place; in other words, it is driven by the comparative analysis rather than the 
goal to generalize (see also Bohnsack, 2008, p. 63, 2011, p. 21; Bohnsack et 
al., 2019, p. 41). This proximity imposes a limitation on the quality of the gen-
eralization, as the inclusion of additional cases remains based on their function 
to validate interpretations of cases and not on the discovery and exploration of 
additional orientations within a conjunctive space. Consequently, the afore-
mentioned sampling prevents systematic insight into possible orientations that 
constitute the very foundation of any generalization and instead prioritizes the 
validation of individual cases (that is, their interpretations). Furthermore, there 
is the lingering risk that the situational determination of the researcher(s) still 
poses inherent limitations to the extent of the theoretical sample, turning the 
latter into a form of an empirical echo chamber. This can happen if the cases 
for the comparative analysis are collected as empirical verifications of what 
had until then been the thought-experimental horizons of comparison of the 
researcher. The latter type of empirical cases shall not be ignored or down-
played in their relevance. However, the cases that are to be compared are col-
lected horizontally, so the focus of the research shifts from a central case to-
ward social milieus. 

Therefore, it is suggested to avoid only extending the sample dynamically 
throughout the comparative analysis by adding purposive horizons of compar-
isons, and instead to start the research with a theoretically clustered sample that 
is collected independently from the selective preferences of the researcher(s). 
The sample should be collected as a clustered random sample at the very be-
ginning of the empirical pipeline and within the theoretical confines of the 
study before the actual case selection for interpretation. It is not important that 
the sample is truly random, but rather that the cases cover a large spectrum that 
is not defined by any potential value for the comparative analysis but to have 
an unbiased set of data within the theoretical confines of the research interest. 
Such larger qualitative samples serve the purpose of providing empirical 
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horizons of comparisons that are untouched by the inherent selectivity of the 
researcher(s), while also allowing various orientations to emerge in each clus-
ter.5 

2.2  Considering the Sample Range and Sample Density 

To introduce a broader perspective to the sampling process, it is important to 
formally differentiate between what should be understood as the sample range 
and the sample density. The sample range refers to the overall number of cases 
within the sample, while the sample density denotes the amount of interpreta-
ble material per case (that is, pictures and eventually other types of material 
for the sake of triangulation). The previously discussed case-centred research 
design typically employs low-range samples, as the expansion of the sample is 
motivated by the necessity to provide empirical horizons of comparison that 
support the interpretation of a central case. 

The theoretical acceptance of low-range samples and the resulting bias to-
ward sample density (for the sake of triangulation and the validation of singular 
interpretations), as well as its attempt to generalize, is justified partially within 
the methodological discourse of the documentary method. The argument is that 
the homologous pattern from which the habitus can be reconstructed and sub-
sequentially abstracted will be inevitably found in every artefact (pictures, 
texts, etc.) of the same producers (Bohnsack, 2008, para. 22, 2011, pp. 77, 
143). This line of thought is reasonable when it comes to the consideration of 
how much empirical material is necessary in order to identify the habitus of a 
single case. It also underlines how the sample density relates to the degree of 
clarity to which the habitus of individual cases can be interpreted. More mate-
rial per case provides more case internal horizons of comparisons that explicate 
a given habitus. However, it does not address the need to systematically expand 
the sample range (by involving more cases) in order to identify more orienta-
tions within a conjunctive space, or rather the cluster as its theoretical approx-
imation.  

As theoretical operationalizations, all clusters are merely abstract approxi-
mations that can hardly reflect the true intersectionality of any lived reality. 
Therefore, it is necessary to assume that there is always a multiplicity of po-
tential orientations (habitus) to be identified in these clusters. This will even-
tually hint at more subtle conjunctive spheres of experience that have not yet 
been covered by theoretically conceived categories as represented by the 

5  The term cluster is employed as an analytical category for the investigated conjunctive 

spaces of experience and is informed by the overarching research interest of a given 

study. 
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clusters (cf. Nohl, 2012, para. 171).6 Just as the habitus of a single case (in-
formant) echoes through all of its elements (see also Bohnsack, 2011, p. 77), 
the typical habitus of particular conjunctive spaces of interest will document 
themselves in equally homologous patterns across all the associated cases. 
Therefore, researching social milieus as conjunctive spaces inevitably requires 
samples that allow various orientations to emerge; or, more metaphorically 
speaking, the samples need a sufficient range to breathe. Likewise, the samples 
must a provide sufficient amount of cases that enable the empirical verification 
of the identified orientations and the associated creation of meaning-genetic 
and socio-genetic types through comparative analysis (Bohnsack, 2007; 
Bohnsack et al., 2019). It is crucial that these cases as horizons of comparison 
originate from the same initial sample and not exclusively from purposive-
sampled validations of the researcher’s interpretative angle. 

It must be stressed that an increased density will support the identification 
of a singular producer’s habitus. However, the latter must be empirically vali-
dated by comparative analysis with other cases, which requires an increased 
sampling range. The relevance of the sampling range for the validity of the 
generalization can be further illustrated by using the example of the high-den-
sity, low-range sample utilized by Vinícius Liebel, for which he sampled 4462 
caricatures by comic artist Philipp Rupprecht published in the newspaper Der 
Stürmer (Liebel, 2010, p. 108). Such a case-centred design is useful and rec-
ommended when a research project purposively investigates the habitus of spe-
cific actors, and like Liebel, the adjustment of these actors’ habitus to the ex-
ternal changes in society; that is, the different phases of German National So-
cialism. However, the empirical focus on one central producer makes it impos-
sible to validly generalize the findings of such a study to an entire conjunctive 
space (namely, Germany in 1923–1945) – provided that this is the aim of the 
study in question. A sufficient generalization for a social milieu requires an 
increased sample range within the same functional context; that is, newspaper 
caricatures that address the tension between Germans and Jews (Liebel, 2010, 
p. 203). Employing a low-range sample diminishes the potential to explore the
associated clusters at large and therefore limits the capacity to research the so-
cial through the case, which is what Mannheim identified as the general ob-
jective of sociology (Mannheim, 1982, p. 80), and instead focuses on the social
in the case. This assessment shall not dismiss or invalidate research that fo-
cuses on the social in the case, but it is intended to raise awareness to not con-
fuse both aforementioned objectives when designing an implementation of the
documentary picture interpretation.

6 The multiplicity of the potential orientations to emerge in the clusters also supports the 

stance that the to be identified orientations are considered to be specific for particular 

convergencies of conjunctive spaces of experience (Nohl, 2012, pp. 167–168). 
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Just like a certain case density is required to sufficiently identify and verify an 
orientation through case-internal comparison, an adequate range is crucial to 
verify such identified orientations within the investigated clusters. The availa-
bility of a sufficient amount of cases for comparison (that is, empirical horizons 
of comparison) (Bohnsack, 2008, paras. 62–63, 2011, pp. 46–47) is a critical 
aspect of any documentary interpretation, as it is the comparison and subse-
quent distinction from other possible orientations that ultimately constitutes 
the validity of the findings. It is essential to find a balanced mix between sam-
ple range and sample density, as the sample must enable the readability of the 
habitus on the case level but also facilitate the exploration of the spectrum of 
this habitus and the associated performative realizations. Therefore, it is 
strongly recommended to not sample from the centre outwards; that is, starting 
from a central case and further extending the sample by adding additional cases 
based on their value as positive or negative horizons of comparisons. Instead, 
the sample range should be as wide as possible but remain within the theoreti-
cal frame that is imposed to be the guiding hypothesis of the research question 
in form of the clusters. 

2.3  Problems of Applying High-Range Samples 

The utilization of high-range samples is unintuitive for documentary interpre-
tation as it is for qualitative research methods at large. Just as the generalization 
of its findings is a unique feature of the documentary method, it also requires 
equally unorthodox approaches concerning its sampling. However, there are 
various points of concern that invoke the field’s typical reluctance to employ 
larger qualitative samples. First, there is the aforementioned overreliance on 
the on-demand application of theoretical step-by-step sampling. It needs to be 
clear from the very beginning whether the project ultimately endeavours to 
research the social in the case, or the social through the case in order to plan 
how and on what scale the data need to be collected. This point was already 
addressed in the previous chapter. Second, a larger sample imposes certain 
methodological obstacles on the application of the documentary method. After 
all, the documentary method is still a qualitative approach that aims to facilitate 
an equally qualitative in-depth understanding of social milieus and social real-
ity within the latter. It is pivotal to gain access to the sampled data in a way (1) 
that supplements the case selection for the interpretation and (2) enables the 
utilization of the sample for the comparative analysis. When an application of 
the documentary method aims to explicate the habitus of one particular actor, 
the case selection will be chiefly concerned with the identification of the best 
picture that represents the habitus of the respective case. As previously dis-
cussed, the documentary method assumes that the habitus of a given case doc-
uments itself in varying intensity throughout all of its elements (Bohnsack, 
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2011, p. 77). Therefore, it is necessary to identify the orientations within the 
sample followed by the selection of particularly representative cases through 
the principle of focus.  

The application of the principle of focus to the case selection introduces, at 
least superficially, a research-practical paradox. Its application inevitably pre-
supposes the identification of the habitus, as the principle of focus serves to 
identify and select exceptionally suitable cases for the documentary interpre-
tation that are signified by a particular illustrative quality. This shall mean that 
the habitus to be interpreted is already known, or at least assumed, before the 
formal interpretation, which is supposed to explicate the said habitus in the 
first place. This paradox can be partially solved by recalling that the identifi-
cation of the habitus is, at first, an intuitive process (which is subject to the 
situational determination of the researcher) and only gets methodically con-
trolled through the actual documentary interpretation and the comparative 
analysis (Bohnsack, 2008, paras. 62–63, 2011, pp. 21, 46). Accounting for the 
friction between conjunctive understanding and interpretation (Bohnsack, 
2011, p. 18), it remains essential to consider all of these intuitive identifications 
as tentative and temporary until they are verified through the application of the 
documentary method. This intuitive identification of the habitus and the sub-
sequentially application of the principle of focus can be conducted compara-
tively easily for the interpretation of case studies and low-range samples. Such 
identifications become proportionally more demanding when introducing 
larger qualitative samples that cover hundreds or thousands of cases that cover 
numerous orientations due to the inevitable intersectionality of lived realities 
of the informants. Therefore, it is necessary to assess the spectrum of orienta-
tions within the sample before selecting representative cases for these orienta-
tions. The initial sample was collected based on the research questions and the 
research-relevant clusters. It can be expected that these theoretically conceived 
clusters host a multitude of different orientations, only a few of which are truly 
exclusive to said clusters. However, even shared orientations can vary in their 
iconic expression, which means that the same orientation (as in meaning-ge-
netic types) can exist within two clusters but with cluster-specific iconic ex-
pressions. At this point, it is important to recall how the comparison is to be 
framed. For pictures as artefacts of everyday life, the functional context con-
stitutes the orientation problem and the first axis of comparison. The meaning-
genetic differentiations of this orientation problem constitute the second axis 
of comparison for the iconic expressions. 

Such complexity further amplifies a research-practical obstacle of the doc-
umentary method: it is highly detailed and very time-consuming, which is why 
the selection of representative cases is crucial for both the formal interpretation 
as well as the comparative analysis. Research-practical problems that are inev-
itable when dealing with larger samples make such research strategies unat-
tractive but not less relevant. The most apparent problem for the documentary 
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method in utilizing larger sample ranges arises from the inherent incomprehen-
sible of such visual data, and the resulting obstacles for the identification of 
orientations, the case selection for the documentary interpretation, as well as 
the utilization of the images for the comparative analysis. Consequently, the 
methodological discourse of the documentary method must explore new ways 
of systematically assessing large-range samples in preparation for the docu-
mentary interpretation of pictures. 

3 Background of the Research Project 

3.1  Background and Theory 

The abovementioned theoretical discourse was formulated during the design 
phase of the research project entitled The Presentation of Attraction in Online 
Dating: A Documentary Interpretation of Tinder Profiles in Germany, South 
Korea, and Hong Kong. The goal of the project is to understand how subjects 
reproduce themselves through aesthetic image practices of everyday life within 
the functional context of Tinder (as image-based online dating) and the conse-
quential anticipation of attraction. In doing so, this project implements a com-
parative analysis of the iconic image practices of Tinder users in Berlin (Ger-
many), Hong Kong (HKSAR), and Seoul (South Korea), with particular inter-
est in the differences concerning the habitus between these locations, as well 
as the gender and the sexual preferences of the informants. The intercultural 
comparison of this study is based on the guiding hypothesis that socio-cultural 
influences will inevitably shape the atheoretical understanding and subsequent 
performative realization of the anticipation of attraction within cultural groups 
as conjunctive spaces of experience.  

The theoretical key concept developed for this project is the anticipation of 
attraction, which is based on the hypothesis that social actors anticipate appeal-
ing to generalized others through their impression management. Ritualized ex-
changes of asynchronous, mediated impression management, such as online 
dating or job applications, do not enable a dynamic performance in the tradi-
tional Goffmanian sense (Goffman, 1959, p. 17 ff.) or allow a known other to 
be addressed personally. When the unknown, generalized others remain ab-
stract, it is necessary to appeal to the future employer as an abstract entity in 
the same way that it is necessary to appeal to an unknown set of potential 
matches in online dating. Therefore, it is inevitable that individuals anticipate 
attracting an unknown, generalized other through their performance in which 
they fill the perspective of their obscure audience with a projection of their 
own ideal understanding of what ought to be attractive or appealing. To attract 
means to invoke a positive disposition to the performer within the given func-
tional context and should therefore not be confused with already very narrow 
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romantic or sexual attraction. Investigating the anticipation of attraction from 
a praxeological lens requires an understanding of how this anticipation of at-
traction documents itself in social conduct (that is, image practices). This con-
text-specific habitus of attraction documented in Tinder profiles shall be re-
ferred to as modes of attraction, which correspond to the meaning-genetic 
types within the methodological framework of the documentary method (see 
also Bohnsack, 2011, paras. 21–23, 2017, p. 213 ff.). Also, the anticipation of 
attraction within the functional context of Tinder fulfils the analytical problem 
of the orientation problem (see also Bohnsack, 2011, para. 22, 2014, p. 41).  

3.2  Introduction to Tinder Profiles as Empirical Objects 

Tinder constitutes the functional context in which the anticipation of attraction 
is performatively invoked through aesthetic image practices. The service has 
over 450,000,000 unique downloads and 6,900,000 active subscriptions 
(Match Group, 2021), making it one of the most widespread online dating ser-
vices. Tinder serves its users as a “social discovery platform” (LeFebvre, 2018, 
p. 1207) that fulfils various needs, such as establishing social contacts and sex-
ual encounters, social validation, or distraction (Timmermans & De Caluwé,
2017, pp. 27, 37). Tinder’s popularity is partly due to its gamified design and
its proximity-based user experience, which facilitates matches based on the
relative GPS locations of the users. Tinder operates in three phases: (1) the
profile setup phase, (2) the swipe phase, (3) and the chat phase. The swipe
phase, which is the defining and most iconic feature of Tinder, can be under-
stood as follows:

“Tinder uses the GPS feature of the user’s mobile phone to show nearby eligible 

partners’ profiles. When users are interested in someone, they anonymously swipe 

to the right on their phone; when they are not interested in someone, they swipe to 

the left. When two people swipe right for each other, they are considered matched 

and are now able to communicate with one another.” (Weiser et al., 2018, p. 29) 

The live interaction between users in the chat phase and a potential in-person 
meeting is locked behind the successful outcome of the swipe phase, which 
depends on the Tinder profiles as curated repositories of mediated impression 
management.  

The functional design of Tinder demands that the profiles are populated 
with between one and nine pictures, the age of the users, and their gender. Tin-
der provides three gender options – male, female, and “more” – with the latter 
being an umbrella category that is further divided into 37 additional options. 
Furthermore, Tinder users can provide optional information in form of 500-
character long texts, as well as general information like their school or work 
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affiliation. Such data need to be considered for the sake of triangulation and 
contribute accordingly to the sample density, but it will be ignored in this paper 
for the sake of conceptual focus. In addition to the aforementioned categories 
of self-description, Tinder users have to configure their discovery settings (that 
is, specify what type of users will show up during the swipe phase) in three 
categories: (1) the age range (18–99), the relative distance to their GPS location 
(1–161 kilometres), and the desired gender of their matches (that is, the target 
audience of their profiles). Users can choose to match with either males, fe-
males, or “everyone”. Configuring the own matching preference as “everyone” 
is the only way to match with users who classified themselves within one of 
the previously mentioned 37 “other” categories.  

Tinder users serve as the authorizing and authenticating instances of their 
profiles while also, possibly, taking the role of depicted and depicting produc-
ers of the profile pictures (see also Bohnsack, 2020a, p. 400). This must not 
necessarily be the case for all pictures, as users are free to upload any picture, 
whether it is of animals, vistas, memes, or anything they consider relevant. The 
decisive point is that Tinder profiles constitute, in their selectivity, a conden-
sation of stylistic preference of their respective users (see also Bohnsack, 2011, 
p. 76) within a distinctive functional context of Tinder; that is, to earn a match
in the swipe phase through the means of impression management.

Figur 3.1 illustrates the structural composition of Tinder as both a digital exhi-
bition space and as a set of iconotopes (see also Dörner, 2011). Tinder as a 
platform constitutes a macroiconotope, or image space (see also Endreß, 
2017), that contextualizes all profiles and their elements (pictures and other 
meta-information) within its functional context of online dating in which they 
are inevitably placed by the users. Consequently, the elements of the profiles 
are framed as communicative gestures of asynchronous impression 

Figure 3.1: Tinder (profiles) as iconotope(s) (©  the author)
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management. Singular Tinder profiles contextualize a given set of images as 
parts of a sequentially arranged instance of impression management and as 
sequences of simultaneities (see also Bohnsack, 2011, paras. 47, 55, 2020a, p. 
398), which means that profiles document the respective habitus of the users 
through their unique compositions and not only through singular pictures 
alone. On a strictly iconic level, Tinder profiles can also be understood as con-
figurations (of pictures) of configurations (of visual elements within the pic-
tures). Within the macroiconotope of Tinder, profiles and their elements recip-
rocally reference each other in the shared discursive space they occupy, with 
profiles further condensing unique forms of meaning that only emerge through 
the mutual contextualization of and through the profiles. The habitus of indi-
vidual users documents itself on the profile level, which must subsequently be 
reconstructed as the homologous pattern that manifests itself to varying de-
grees in and across all corresponding profile pictures (cf. Bohnsack, 2008, 
para. 22, 2011, p. 77). 

Given that the present study aims to understand the habitus of anticipated 
attraction and its distribution concerning the investigated clusters, it is neces-
sary to employ a sample that is broad enough to reflect the variability of the 
possible orientations within the relevant clusters. This can only be facilitated 
by increasing the sampling range per cluster. Practically, this need for a larger 
sampling range resulted in an initial sample of 3000 profiles (11,780 pictures), 
that were collected in 12 theoretically conceived clusters. These clusters were 
sampled equally in Berlin, Hong Kong, and Seoul (1000 profiles each), and 
were further separated into gendered groups of male and female (500 each) and 
according to the sexual preferences of the users (250 each). The dichotomous 
separation of gender and sexuality is based on the aforementioned profile struc-
ture of Tinder. By removing all users who were not located within a 40 km 
radius of the sampling locations (Berlin, Hong Kong, and Seoul), the sample 
was adjusted to 2694 profiles and 10,261 pictures.  

Figure 3.2 illustrates the exact distribution of profiles (green) and pictures (or-
ange) per cluster. The theoretical segmentation of the sample in these 12 clus-
ters is based on the aforementioned hypothesis that the performative anticipa-
tion of attraction through image practices differs according to the conjunctive 

Figure 3.2: Sample overview (©  the author) 
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space of experience the users allocate in. Therefore, Berlin, Hong Kong, and 
Seoul constitute contrasting cases on the geo-social level, while gender and 
sexual orientation, due to the profile design on Tinder, constitute reliable cat-
egories of self-categorization.  

4 Computer-Assisted Image Assessment 

Named computer-assisted image assessment, the approach described below set 
out to provide a systematic yet explorative means to assess visual data prior to 
but in preparation for the established workflow of the documentary picture in-
terpretation (Bohnsack, 2008, para. 14). There is special focus on the analysis 
of the planimetric composition and the scenic choreography in the context of 
the iconic interpretation. The planimetric composition refers to the composi-
tion of a picture as a two-dimensional space (Bohnsack, 2008, paras. 34, 41), 
while the scenic choreography describes the scenic constellation and the rela-
tionship of the depicted actors within a picture (Bohnsack, 2011, p. 39). Both 
the assessment of the planimetric composition and the scenic choreography, 
along with the projection of perspective,7 constitute the reconstruction of the 
formal composition of the picture (see generally Imdahl, 1996), and are there-
fore part of the reflective interpretation of the documentary picture interpreta-
tion (Bohnsack, 2011, p. 20). 

The computer-assisted image assessment complements the documentary 
interpretation of pictures by (1) operationalizing the visual data to enable a 
holistic description of the sample, (2) enabling easier navigation for the com-
parative analysis, and (3) creating a starting point for supplementary statistical 
evaluation of the sample to support the case selection of the documentary in-
terpretation. The computer-assisted image assessment is separated into two 
larger segments: the operationalization and the preparation of the data for the 
documentary interpretation. The two computer vision methods introduced in 
Chapter 4.1 are chiefly described concerning their analytical use. For more in-
formation on installing and using the introduced codes, refer to the referenced 
manuals and the complementary material at the end of the respective chapters. 
The computer-assisted image assessment will require the following software 
packages: 

➢ PyCharm: https://www.jetbrains.com/pycharm/
➢ Anaconda: https://www.anaconda.com/products/distribution#Downloads
➢ R: https://cran.r-project.org/bin/windows/base/

➢ RStudio: https://www.rstudio.com/

7  It was not possible to develop as a satisfactory approach that would have enabled the 

assessment of the projection of perspective, which is why the latter is not covered by this 

approach. 
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4.1  Operationalization 

4.1.1 Actor Recognition and Shot Type Identification 

Actor recognition and shot type identification single out all photographs with 
people in them and categorize the images according to the shot type. Based on 
the inherent nature of the sample, this compound process provides the neces-
sary preparational work to identify portraits8 as the most prevailing type of 
pictures within the sample and classifies them according to the dominance of 
the actor within the planimetric space. Based on its application to the docu-
mentary video interpretation (Bohnsack, 2011, pp. 157, 247), the shot type 
identification of the portraits provides a broad understanding of how much of 
the planimetric space (see also Bohnsack, 2008, para. 34) is occupied by the 
producer and thus already provides supporting data for the analysis of the pla-
nimetric composition. The shot type identification utilizes the following com-
mon output categories: (1) extreme close-up, (2) close-up, (3) medium close-
up, (4) medium shot, (5) medium long shot, (6) long shot, (7) extreme long 
shot, and (8) no actor (Cherif et al., 2007, pp. 1–2). The actor recognition and 
shot type identification are realized simultaneously via a Python algorithm. 
The latter is realized as a slightly modified version of the PyTorch implemen-
tation of the DSFD-Pytorch-Inference (Li et al., 2019) and RetinaFace (Deng 
et al., 2019) by Håkon Hukkelås (2019), combined with the algorithm for shot 
type identification provided by Cherif et al. (2007). The code detects all human 
faces in a given picture and assigns them coordinates within the two-dimen-
sional space of the image. The shot type is calculated based on the identified 
face height, the image dimensions, and the relative position of the face within 
the frame (Cherif et al., 2007, p. 3), and subsequentially categorized according 
to the previously listed shot types. Pictures that do not contain any faces are 
coded as “no actor” images. As this code is not able to detect actors with hidden 
faces (such as those that are turned away from the camera or cropped out), it is 
recommended to manually check the “no actor” pictures for false positives. 
However, the image clustering in the next module is also able to identify these 
false positives. It is therefore recommended to wait for the manual check. The 
results of the analysis are provided as CSV files (functionally similar to Excel 
files) that be further processed by any spreadsheet software. 

8  Portrait denotes all pictures with human actors as sujet and without implying any other 

iconic specification. 
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Figure 4.1 illustrates the otherwise abstract procedure of the actor 
recognition and shot type identification. The code identifies the dimension of 
the face and passes them to a modified version of the algorithm suggested by 
Cherif et al. (Cherif et al., 2007). The identified shot type is a medium long 
shot (MLS). 

Resources 
➢ https://github.com/KamToAzr/Actor-Recognition-and-Shot-Type-Identi-

fication

4.1.2 Image Clustering via PixPlot 

Machine-learning-based image clustering as the centrepiece of the operation-
alization phase enables the exploration of the iconic range of the sample by 
grouping images based on their visual similarity. It allows the identification of 
comparatively objective visual clusters and further enables the compensation 
of the perceptional bias of the researcher(s) concerning the visual trends within 
the sample. Image clustering provides pivotal information concerning the sce-
nic composition by identifying dominant combinations of objects, object-back-
ground variations, or other visual themes. 

The image clustering utilizes PixPlot (YaleDHLab & Duhaime, 2018), an 
open-source visualization software that employs the Uniform Manifold Ap-
proximation and Projection (UMAP) algorithm (McInnes et al., 2018). Despite 
being developed for visualization, PixPlot holds a distinctive potential as an 
explorative coding tool that supports the understanding of large visual samples. 
PixPlot “[…] uses convolutional neural nets to reduce the images to 2048 

Figure 4.1: Visual representation of the actor recognition and shot type 

identification (anonymized, ©  the author) 
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dimensions and then uses UMAP to present them in a 2-dimensional map […]. 
This process results in similar photos ending up in similar regions of the 
map”9(McInnes, 2018). This procedure makes it possible to identify visually 
similar images without relying on the literal comparison of pixel formations or 
fixed output categories. The pictures are clustered solely on their inherent, im-
age-semantic similarities. Not working with fixed output categories allows 
greater flexibility concerning the clustering, notwithstanding that the re-
searcher remains irreplaceable for the identification and naming of the result-
ing clusters. The comparative, category-free clustering also means that the ac-
curacy of PixPlot is highly reliant on the size of the sample, as the outcome of 
the clustering is proportionally more detailed with increased sample size.  

Figure 4.2 provides a schematic depiction of the UMAP output on which 
PixPlots bases its visualization. Each dot represents one picture, with several 
dots being clustered “[…] based on the distance to each point's nth nearest 
neighbour [neighbours in terms of relative similarity]” (Coenen & Pearce, 
n.d.). 

Figure 4.3 shows a for the project generated PixPlot map that replaces 
the abstract outputs of UMAP with the actual pictures of the sample. This 
map is freely zoomable and enables the manual inspection of the output.  

9  Map refers to the visual output of PixPlot, as it projects the entire sample onto a two-

dimensional space that can be read similar to geographical maps. 

Figure 4.3: Exemplary PixPlot map 

(©  the author) 
Figure 4.2: Schematic depiction of 

UMAP clusters (©  Coenen & Pearce, n.d., 

figure 3) 
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Figure 4.4 illustrates the heuristic identification of various visual themes in 
the PixPlot map. Spheric or “cloudy” formations represent homogenous 
clusters, for example, (A) with a beach/marine theme, (B) with a dining 
theme, or (C) with an abstract/drawing/text theme. The elongated shapes/
tendrils within the spherical clusters represent variations of the theme. The 
tendril in Cluster (C) is in particular elongated due to the high variation 
within the cluster (that is, from drawings at the bottom to pure text at the top). 
In contrast, the tendrils in Cluster (A) tend to stack and are more numerous, 
as they represent variations in shot type, gender, and how revealing the 
beachwear of the producers is. It is important to stress that PixPlot does not 
identify these themes by itself but instead groups pictures based on their 
visual similarity. The researcher remains responsible to identify and name 
what PixPlot clusters. It is proposed to start by identifying the common 
denominator of the spherical clusters before coding the elongated subcluster 
concerning their discriminating feature. The clusters can be further explored 
by re-applying PixPlot to the clustered data, which will normalize their theme 
as the common denominator and thus enables the identification of additional 
subclusters. 

PixPlot allows the free grouping, selection, and coding of the identified 
clusters directly through a graphical user interface. The researcher can select 
the identified clusters with a conventional lasso tool just as one would select 
multiple icons on the desktop. These selections can be exported as CSV files 
that contain the filenames of the selected pictures – effectively allowing the 
free coding of the clusters. The coded output of the image clustering can then 
simply be merged with the output of the actor recognition and shot type iden-
tification, as well as other metadata. 

Figure 4.4: Visual clusters as they emerge in the visual PixPlot output (©  the author) 
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Figure 4.5 illustrates the codes that emerged through the PixPlot image 
clustering of the Tinder sample. Image attributes (cells) are coded 
heuristically through-out the reading of the PixPlot map (except for the 
previously identified shot types and pictures showing people) and thus 
represent the identified clusters. The attribute categories (column names) are 
constructed via axial coding and subsequent grouping of the image attributes.  

Resources 
➢ UMAP: https://github.com/lmcinnes/umap
➢ PixPlot: https://github.com/YaleDHLab/pix-plot
➢ PixPlot installation and coding guide:
➢ https://github.com/KamToAzr/Guide_PixPlot

Figure 4.5: Coding table showcasing the results of the image 

clustering (©  the author) 
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4.2  Data Processing and Preparation for the Documentary Interpre-

tation 

4.2.1 Database and Heuristic Coding 

As the next step of the computer-assisted image assessment, the database cre-
ates a visual association of the output of the operationalization phase with the 
sampled pictures and the other meta information of the informants. This step 
utilizes a Hyper SQL database and is implemented via LibreOffice Base. Such 
a presentation of the data allows the evaluation of the images and their attrib-
utes within the context of the respective profiles and enables further cross-pro-
file comparison. This includes the ability to dynamically search and display 
profiles and their pictures based on their coded attribute, which also permits 
further manual coding where it becomes necessary, for example, to correct 
false positives, as discussed in Chapter 4.1.1. 

Figure 4.6 illustrates the database interface realized as a customized form 
that allows simple SQL queries to filter for particular attribute 
compositions within and across profiles. The profile in Figure 4.6 was 
returned after filtering for the sujet “books” (also see Figure 4.5). This tool 
enables easy comparison of visually similar pictures as well as the profiles 
in which they appear, further enabling a closer comparison of the 
documented modi operandi and their iconic representations. The 
arrangement of the interface itself is designed to emulate the sequentiality of 
Tinder, while also allowing a direct comparison of the images in order to 
grasp the iconic totality of the profile space as a microiconotope. 

Following the setup of the database, the data needs to be further processed 
to support the case selection. The latter is traditionally conducted by applying 
the principle of focus (see Chapter 2.3), which requires the analysis of the data 
in light of the research question and its driving analytical category (that is, the 
modes of attraction). While the initial unsorted sample made the application of 

Figure 4.6: Database form as coding interface (anonymized, compositional work, 

© the author) 
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the principle of focus difficult, the newfound insight into the data allows for a 
significantly more systematic approach, starting with the heuristic coding of 
the profiles. This means that every profile needs to be coded heuristically con-
cerning the documented mode of attraction. Based on the discussion of the re-
search-practical paradox of the principle of focus in Chapter 2.3, the heuristic 
coding (that is, identified orientations) should be considered only tentative un-
til the identified habitus are validated through the formal application of the 
documentary interpretation. 

Figure 4.7 illustrates how profiles are coded heuristically concerning their doc-
umented modes of attraction. Profiles (A) and (B) both document habitus that 
emphasizes the social capital of the producer, while Profiles (B) and (C) doc-
ument habitus of self-aestheticization. The chosen preliminary codes for these 
three profiles are (A) self-marginalization in the social, (B) self-aestheticiza-
tion and social validation, as well as (C) consume-orientated self-aestheticiza-
tion. This example also illustrates certain recurring iconic themes for these ori-
entations and their overlapping. In order to maintain constancy between each 
coding session, it is proposed to conduct the heuristic coding per cluster (see 
Chapter 3.2) and streamline the assigned codes between each coding turn. This 
also includes a code internal comparison to further differentiate the assigned 
codes where it is deemed necessary. In a second step, the identified modes of 
attraction are compared concerning their iconic themes (that is, differences and 
similarities between different orientations), as well as differences and similar-
ities between the same orientations but between different clusters. 

So far, the computer-assisted image assessment has enabled the coding of 
the pictures and the heuristic coding of the profiles as independent processes, 
as the coding of the profiles does not functionally rely on the pictures them-
selves. However, having each picture as well as its associated profile coded 

A 

B 

C 

Figure 4.7: Illustration of the heuristic coding of modes of attraction (anonymized, 

compositional work, © the author) 
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with the tentative modes of attraction makes it possible to identify patterns 
among the modes of attraction, the clusters, and the image attributes. 

4.2.2 Case Selection and Configural Frequency Analysis 

The case selection based on the computer-assisted image assessment is still in 
an experimental state, so the following concept should be taken more as an 
idea that merits further investigation beyond the scope presented. As previ-
ously stressed, it is recommended to select the cases through the principle of 
focus (see Chapter 2.3), which remains a considerable task given the scope of 
the available data. Based on the previously conducted coding, the case selec-
tion will concentrate on distinctive compositions of pictures (and their ele-
ments) within profiles and their function to document various modes of attrac-
tion. While the previous assessment helps to understand the modes of attraction 
across the entire spectrum on Tinder (within the theoretical limitation of the 
sampled clusters), the study ultimately strives to understand (1) what visual 
representations are typical for the respective modes of attraction, and (2) what 
modes are typical for the investigate clusters. Therefore, the case selection 
must account for what modes of attraction constitute the dominant orientations 
per cluster, how these orientations are documented, and whether there are dif-
ferences in how certain orientations are documented across different clusters. 
It is suggested to employ statistical methods to identify (1) which modes of 
attraction are significant for the 12 investigated clusters, and (2) which combi-
nations of visual attributes are significant for the aforementioned modes of at-
traction.10 The statistically significant cases constitute the pool for the final 
case selection that will be used in the formal application of the documentary 
interpretation. One such statistical method can be configural frequency analy-
sis. 

Configural frequency analysis (CFA) (Lienert, 1969) was designed in order 
to “[…] detect patterns in the data that occur significantly more or significantly 
less often than expected by chance” (Schrepp, 2006, p. 3). Applied to the com-
plex data operationalization provided by the computer-assisted image assess-
ment of the profiles (as configural patterns) and within the context of the herein 
presented research interest, CFA can be used to identify statistically significant 
distributions of (1) modes for the clusters, and (2) image-attribute distributions 
for the modes that “occur more often [or less] as expected by chance” (Schrepp, 
2006, p. 4). These significant configurations are also called CFA-

10  The suggestion of statistical methods must not be mistaken for a bias concerning statis-

tical representativeness, which is not the aim of praxeological typification in the first 

place (Wohlrab-Sahr & Przyborski, 2018, pp. 94–95). Instead, this step is designed to 

supplement the case selection for the documentary interpretation. 
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Type/Antitypes. Such identification of significant visual configurations is con-
ceptualized as a means of assessing the correlations between the tentative ori-
entations and the identified visual elements within the sample. By identifying 
the relationship between the orientations and visual patterns, the CFA-Types 
serve as support for the previously discussed principle of focus. As a result, the 
case selection for the formal documentary picture interpretation will concen-
trate on the profiles that belong to the significant CFA-Types of the respective 
clusters. The R package confreq (Heine et al., 2021) provides a simple software 
solution to conduct CFA within the scope described above.  

Resource 
➢ confreq: https://cran.r project.org/web/packages/cfa/index.html
➢ R and confreq tutorial: https://youtu.be/T6fbc2-jvpo

5 Conclusion 

This paper discussed the benefits and obstacles of larger qualitative samples 
for documentary research of conjunctive spaces of experience as it became ev-
ident during the planning of the project entitled The Presentation of Attraction 
in Online Dating: A Documentary Interpretation of Tinder Profiles in Ger-
many, South Korea, and Hong Kong. 

The discussion stressed how the investigation of conjunctive spaces will 
inevitably require a larger sample range that accounts for the various orienta-
tions and their iconic expressions that will emerge due to the inherent intersec-
tionality of the lived realities of the informants. This argument also advocates 
the reconsideration of the established theoretical sampling, which must provide 
an adequate number of cases that allow various orientations to be documented. 
This is facilitated by collecting larger qualitative samples within the theoreti-
cally conceived limitation of the to-be-researched conjunctive space (that is, 
the clusters) and by refraining from an ongoing, case-centred sampling. The 
introduced computer-assisted image assessment illustrates how modern tech-
nological means can support the understanding and organization of such larger 
visual samples for the documentary interpretation of pictures. While being de-
veloped particularly for the aforementioned research project, the computer-as-
sisted image assessment can be transferred with little effort to other samples, 
which is predominantly due to the high flexibility of PixPlot in clustering vis-
ual data independent of fixed, predefined categories. This is contrasted by the 
more limited transferability of the shot type identification, as it was developed 
first and foremost for portraits. It is important to stress that the codes of the 
operationalization phase are inevitably biased towards certain elements of the 
iconic, here predominantly the scenic choreography. This bias is an outcome 
of the relational comparison of PixPlot and thus reflects a certain image-
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semantic dominance of certain elements. However, this does not mean that 
other dimensions of analysis, like the projection of perspective, shall be ne-
glected throughout the in-depth interpretation. 

In conclusion, the computer-assisted image assessment introduced herein 
constitutes a simple proof of concept concerning the utilization of modern 
means of computer vision that shall incentivize research designs that imple-
ment and benefit from larger qualitative samples. It is pivotal that the technical 
reliance of the computer-assisted image assessment on heuristic and axial cod-
ing must not be mistaken for a preference for a logic of subsumption over a 
logic of reconstruction, as the approach presented herein is designed to assess 
the data prior to the selection of the documentary method and in support of the 
latter. 
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